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Introduction
Motivation

A Queryingheterogeneous and large
scale knowledge graphs agpensive

A Graph patterns can benefit knowledge
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Contribution
A Use summarization to facilitate
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Benefits

A Query evaluation: Summaries reduce
guery evaluation time and space

A Query suggestion:Summariesre
generated as a feedback to users and
help them write more accurate queries

A Resultunderstanding: Help end
users to better capture the information
from the answers

Diversified Summarization

A Generate diversified frequent
summaries. Details shown In [1].

A Equivalent summariegP,~P,): exist
a dmatching R, from P, to P, and Its
inverse dmatching R,* from P, to P,

A Reduced summariesthere exists no
smal | er summaril e s
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SequentialAlgorithms Evaluation
A approxDis generate tofk diversified Datasets
patterns (Zapproximation guarantee)
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validation via dsimulation

A Pattern diversification: Diversify
frequent patterns via pawise score
and output togk ones
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A Performanceof parallelsummarization
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cost ofapproxDisast(|G|,b,k).
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A Case study
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A Parallel verification: Label ? Game Label] Game]
Generate and distribute patte®y( 1 ;L____C"?r_{l_;w_] ___________ P8(DBPedia)

Pattern validation in paralleg
Gather validated frequent patterns
and their matches from workerS.X
A Parallel diversification:
Distribute summary pairs<y()
Pairwise distance calculation and
local topk pairs generatiorS)
Collect local topk pairs and update
global topk summariesy)

A Load balancing: iteratively assign
work units with the smallest cost to the
workers with the least load

A streamDisparallelization: S, caches a
set ofsummarieandtheir topk most
different summaries. Tek summaries
can be returned whenevequested.
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